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The Web has grown substantially in size, popularity, scope and number of users. Many
proposals have been made for tools and systems to assist with everyday user browsing and
searching. Search engines such as Google, Yahoo!, and Windows Live Search is some of the
successful examples for assisting user's to achieve their daily tasks. However, such system
generally adopt a “one-size-fits-all” approach. Where, the intention of a user is not taken into
consideration.

Systems that take the user intention or user needs into consideration are collectively named as
“Personalized System” and in the Web they are named as “Personalized Web System”. In recent
years, systems enabling Web personalization for individuals have gained particular attention by
researchers and commercial companies like My Yahoo, My Netscape and Google Personalized
Search and researchers.

Web personalization can be described as actions “that make the Web experience of a user
personalized to the user’s taste”. Most previous research and commercial tools for Web
personalization have relied upon overt methods of asking users for their answers in order to
construct user profiles. Building a user profile that adapts to a user’s daily interests is a
challenging task. This is because it is hard to predict which Web sites most interest the user
without asking the user to interact explicitly with the system.

The reason conventional profiles are not adaptive is that the user evaluation process has been
manual; that is, a user must interact with the system explicitly and tell the system each time a
webpage is relevant to the task or not. This is laborious; it requires time and inclination, and
users often forget to notify the system. A less intrusive approach to the construction of user
profiles is required.

With this in mind, this study proposes a new method of automatically discovering and judging
user interest based on user browsing behavior. User behavior is defined here as the habitual
actions performed by users when browsing and searching, such as clicking links, bookmarking,
printing or selecting text, and so on. When users use a Web browser to browse the Internet, they
(whether intentionally or not) interact with the browser’s interface. If we can detect and learn
these user’s patterns of behavior, we can use these tendencies in individuél browsing habits to
perform automatic page evaluation. The behavior performed whenever a user browses and the
patterns learned from previous users constitute a learned behavioral database. We believe that
through comparison with this database, new websites visited can be automatically evaluated
without placing any burden on the user. We are also hypothesizing that user browsing strategies
and habits do not change greatly. By using this method, this study verifies that a highly accurate

automatic self-constructed user profile can be created. Furthermore, we believe that browsing



behavior is unlikely to change even if a user is browsing in a different language environment,
which means a language-independent method of evaluating Web pages can be constructed.

This study also focuses on highly accurate logging at the client-side. Logging at the client-side
enables a more complete grasp of user behavior than proxy sites or server sites. However,
because logging user behavior at the client-side is a challenging task for which we needed to
build high-level client software, we encountered various difficulties. Two issues emerged with
regard to acquiring correct user browsing behavior. The first was that overt collection of data for
experimental purposes was not desirable; in short, if users were conscious of an experimental
environment, this would interfere with their usual browsing habits. The other issue is that it was
necessary for the experimental instrument for data collection to be identical to the browser

regularly used by the users.
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